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Microbial data Single cell data
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Group A
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Introduction

Goal:
Which level on the tree to interpret
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Data container

Entities
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rowTree colTree
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assays(tse) rowTree(tse) colTree(tse)
assays(tse, n=2)

rowLinks(tse) rowData(tse)

> rowLinks(lse)
LinkDataFrame with 100 rows and 4 columns
nodeLab nodeLab alias nodeNum isLeaf
<character> <character> <integer> <logical>
t73 alias 1 1 TRUE
2 t67 alias_ 2 2 TRUE

metadata(tse)

> lse <- TreeSummarizedExperiment (assays

count,

+ colData = sample_data,
+ rowData = entity data,
¥ rowTree = tree,

+ rowNodeLab = lab)

> l1se

class: TreeSummarizedExperiment
dim: 100 20

metadata(0):

assays(l): "'

rownames (100): t73 t67 ... t35 t49
rowData names(0):

colnames(20): C1_1 Cl1_2 ... C2_9 C2_10
colData names(1l): group
reducedDimNames (0) :

spikeNames (0):

altExpNames (0):

rowLinks: a LinkDataFrame (100 rows)

rowTree: a phylo (100 leaves)
colLinks: NULL
colTree: NULL

100 entities,

20 samples (10 in group C1, 10 in group C2)

Tree: 100 leaves (entity «— — leaf)
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Pick the best candidate
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2. Pick the best candidate

3. Perform the multiple hypothesis
correction
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